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The integration of AI-aided, instructor-driven mentoring into online marketing 
education offers a promising solution to the challenges of fostering engagement, 
perceived connectedness, learning, and career readiness in asynchronous learning 
environments. This study introduces Caring Mentoring Guidance (CMG)–a blended 
method of combining instructor expertise with AI-aided insights to provide personalized 
and scalable career coaching within course materials. Across two studies, students 
exposed to course content augmented with CMG, reported higher engagement, 
satisfaction, connection, performance, and career confidence compared to control groups. 
The effects persisted throughout the course. Findings highlight CMG as a scalable, 
low-cost strategy leveraging the integration of AI and human mentorship in marketing 
education. 

Introduction  

Passion for student success during their years at univer
sity is one of the tools of the professorate. Many professors 
have equal or similar passion for their alumni’s sense of ful
fillment in their chosen career after graduation. Communi
cating and leveraging these passions in the classroom are 
seen by many in higher ed as essential elements of faculty 
success. Yet, how to leverage such passions to equal effec
tiveness in asynchronous, online educating is less clear; al
though the need remains crystal clear. 
This research evaluates an intervention designed to 

bridge the gap between academic theory and career appli
cation in online marketing education. The tool, a simple, 
personalized mentoring narrative, supplied repeatedly and 
routinely in online course materials, was authored by the 
instructor; the commentary was then enhanced using Chat 
GPT. Rich, human guidance from the professor was aug
mented by adding the reach and efficiency of Artificial In
telligence (AI). We exhibit how AI-aided instructor feed
back can personalize career guidance, mitigate 
transactional distance, and provide students with both ca
reer-specific knowledge and a sense of mentorship and be
longing (Zepke et al., 2014). By embedding AI-aided in
structor insights into slides, assignments, and course 
communications, we aimed to increase student engage
ment, satisfaction, learning, and career readiness beyond 
what AI alone could achieve. While the professor supplies 
more personal insights to the mentoring narrative, AI aug

ments it by extending an educator’s potentially limited 
knowledge of every available field within the marketing 
function. 
Career readiness is a fundamental goal of most business 

programs, yet many students struggle to translate class
room learning into clear career trajectories (Buff & O’Con
nor, 2012; Kleine et al., 2021). In marketing education, 
the task is exacerbated by the broad range of potential ca
reer paths and the difficulty of accessing timely and per
sonalized career guidance (Weeks et al., 2014). This chal
lenge is now compounded by the rapid rise of generative 
AI, which has introduced significant uncertainty regarding 
future job roles and necessary skill sets (World Economic 
Forum, 2025). As students question the longevity and rele
vance of traditional marketing skills in an AI-driven land
scape (Dwivedi et al., 2023), the need for explicit, instruc
tor-led guidance that connects coursework to evolving 
career realities becomes paramount. And yet, while the 
need expands, the velocity of change is so rapid that with
out the assistance of AI, most faculty struggle to keep pace 
and provide relevant, up-to-date direction regarding the 
shifting landscape of marketing careers. On the flip side, 
Fink et al. (2024) acknowledge that AI-driven responses, 
while useful, lack the nuanced mentorship, emotional in
telligence, and tailored career narratives that human in
structors provide. 
Human mentorship and connection have been identified 

as critical for college graduates’ sense of satisfaction with 
college and fulfillment in their careers (Seymour & Lopez, 
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2015). Generative AI coupled with asynchronous remote 
learning create a lack of physical and psychological proxim
ity between students and instructors, removing the connec
tion that leads to mentorship. Recognizing the importance 
of building connections to bridge temporal and proximal 
gaps and supplying students with personalized, yet scalable 
guidance, and to enhance their learning experience while 
studying online, we embarked on this study of Caring Men
toring Guidance (CMG) intervention. 
In this study, we distinguish between AI-driven and AI-

aided approaches. We define AI-driven as autonomous in
terventions where the student interacts primarily or exclu
sively with generative AI (e.g., asking ChatGPT for career 
advice directly). In contrast, we define AI-aided as a 
blended approach where the instructor retains full author
ship and editorial control but utilizes generative AI as a 
productivity and knowledge-scaling tool to draft, refine, or 
expand content. The CMG intervention is strictly AI-aided: 
the instructor prompts the AI to generate career-specific 
connections, curates the output for accuracy and tone, and 
embeds it within a broader human-mentoring narrative. 
To test our hypotheses that CMG would benefit online 

marketing students we conducted field experiments com
paring the impact of exposure to CMG across two similar 
groups of marketing students at a midwestern, regional 
comprehensive university. Would students exposed to CMG 
register more positive outcomes of their college experience: 
greater engagement in and satisfaction with their learning, 
more connection with instructors, and improved sense of 
career readiness? Validated single-item measures were ad
ministered and the impact of CMG intervention was tested 
against the control group. A discussion of the analysis and 
results follow. Marketing faculty who, when teaching on
line, have felt the lack of engagement and connection with 
students and who value student career readiness as an out
come of the work they do are offered an intervention that 
promises impact. Limitations and future research sugges
tions are explored at the conclusion of the work. 

Literature Review and Hypothesis Development      

Asynchronous classes present challenges, for all partic
ipants, that are unique to this mode of delivery. Knowing 
that physical and temporal distance, innate to this type of 
instruction, serve as barriers to learning is perhaps at the 
base of the challenge. The Transactional Distance Theory 
(Moore, 1997) found that the lack of proximity can create 
psychological and communication gaps, known as trans
actional distance, which can hinder engagement, effective 
learning, and student satisfaction. However, interventions 
that increase perceived instructor presence and relevance 
of course content can increase student engagement and 
mitigate the effects of transactional distance (Fink et al., 
2024). From a psychological perspective, the effectiveness 
of CMG can be understood through Self-Determination 
Theory (SDT), which posits that relatedness (i.e., the feel
ing of being connected to and cared for by others) is a fun
damental psychological need (Ryan & Deci, 2000). In asyn
chronous environments, the absence of social cues often 
thwarts this need, leading to disengagement. By embedding 

‘caring’ narratives that explicitly express support and men
torship, CMG satisfies the need for relatedness, thereby in
fluencing intrinsic motivation and engagement. The effec
tiveness of one such intervention, the integration of CMG 
in the form of AI-aided, instructor narratives into online 
learning materials, is tested in this research. Specifically, 
we hypothesize: 

H1: Integration of CMG narratives into online learning 
materials increases student engagement. 
H2: Integration of CMG narratives into online learning 
materials increases student perception of instructor pres
ence. 

Reduced transactional distance is expected to impact 
student outcomes including engagement, satisfaction, per
formance, and perceptions of instructor support. As such, it 
is reasonable to predict that the integration of CMG in the 
form of AI-aided, instructor narratives into online learning 
materials will positively impact student outcomes. Specifi
cally, students exposed to these interventions are expected 
to report higher levels of satisfaction with their learning 
experience and increased engagement. Furthermore, 
Broaden-and-Build Theory (Fredrickson, 2001) suggests 
that positive emotions elicited by supportive and humorous 
interactions broaden an individual’s momentary thought-
action repertoire. By reducing stress and inducing positive 
affect through warm mentorship, CMG likely expands stu
dents’ cognitive capacity for learning, leading to improved 
academic performance. 

H3: Students exposed to CMG will demonstrate better 
academic performance. 
H4: Students exposed to CMG will feel more supported 
and encouraged by their faculty member. 

Students study business to prepare for careers in fields 
such as marketing, yet many struggle to connect classroom 
learning with career trajectories (Buff & O’Connor, 2012; 
Kleine et al., 2021). In marketing education, this challenge 
is exacerbated by the broad range of potential career paths 
leading from the marketing discipline. Students notoriously 
do not utilize available career services but find in-class, re
quired career activities beneficial (Buff & O’Connor, 2012). 
The variety of marketing career paths available to students 
in this major compound career services’ and many faculty’s 
ability to provide students with timely and personalized ca
reer guidance (Weeks et al., 2014). 
In recent years, AI has been increasingly explored as a 

tool for career guidance in marketing education. Fink et al. 
(2024) highlight the potential of generative AI, particularly 
ChatGPT, in assisting students with career exploration, job 
alignment, and interview preparation. Their findings sug
gest that AI can enhance students’ career readiness by of
fering immediate, customized guidance, helping them un
derstand industry expectations, and boosting their 
confidence in job-related tasks. AI-driven tools allow stu
dents to practice career-oriented exercises, such as resume 
tailoring and mock interviews, without the constraints of 
human availability. This aligns with prior research empha
sizing the role of technology in career coaching (Guha et 
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al., 2024; Milovic et al., 2024). However, while AI-driven 
coaching enhances accessibility, Fink et al. (2024) and Mc
Callister et al. (2024) acknowledge that AI lacks the emo
tional intelligence, tailored mentorship, and long-term en
gagement that human instructors provide. 
Studies have also demonstrated that AI-driven learning 

interventions can increase self-efficacy and job prepared
ness (Milovic et al., 2024). Specifically, AI-driven exercises 
in sales and marketing education, such as role-playing and 
simulated interviews, improve student confidence and per
formance in career-related tasks. While these studies sug
gest that AI can positively impact marketing education, the 
absence of personalized instructor engagement remains a 
limitation, as described in the Transactional Distance The
ory (Moore, 1997). As Guha et al. (2024) argue, AI should 
not be used as a standalone tool, but rather in tandem 
with human instruction to maximize learning outcomes. 
This underscores the need for a blended approach that inte
grates AI capabilities with instructor-driven career mentor
ing, bridging transactional distance and improving student 
engagement. By combining AI-aided insights with human 
mentoring, instructors can provide more personalized and 
contextually relevant guidance—an approach that has been 
shown to enhance student motivation, engagement, and 
career self-efficacy (Buff & O’Connor, 2012; Weeks et al., 
2014). 
The expectancy-value model, developed by Eccles and 

colleagues (Eccles & Wigfield, 2002; Wigfield & Eccles, 
1992), posits that perceived expectancies of success and 
preference for an undertaking contribute to achievement 
choices and task performance. Expectancies for success are 
defined as individuals’ beliefs about how well they will per
form on an upcoming task. When applied to learning, this 
suggests that students who believe they can do well on a 
task are more likely to be motivated, engaged, and persis
tent (Bandura, 1977, 2001; Pintrich, 2003). AI-driven career 
guidance, as demonstrated by Fink et al. (2024), has already 
been shown to increase students’ confidence in their abil
ity to identify career pathways. However, expectancy beliefs 
are strengthened further when students receive direct men
toring and reassurance from human instructors, reinforcing 
their belief in their ability to succeed (Fredricks et al., 2004; 
Wang et al., 2011). 
Building on this conceptual framework, Hulleman et al. 

(2010) introduced the Utility Value Intervention, which 
suggests that perceived relevance of learning materials to 
personal interests and future goals increases engagement 
and motivation. Fink et al. (2024) provide evidence that 
AI-driven career insights help students see the relevance 
of their coursework to real-world opportunities, improving 
their career readiness. However, the effectiveness of AI-
alone interventions is limited when students lack emo
tional engagement or instructor validation. Integrating 
CMG into course materials ensures that students not only 
receive career guidance but also feel supported and encour
aged by instructors, reinforcing the relevance and value of 
their coursework. Buff & O’Connor (2012) also emphasize 
that structured career-focused interventions improve stu
dent engagement and job preparedness. In their study, a 

marketing career speed networking event increased student 
awareness of job opportunities and confidence in career 
choices. This supports the rationale for embedding CMG 
into online learning materials, as it ensures that students 
receive continuous, structured career guidance beyond AI-
driven suggestions. 

H5: Students, when exposed to CMG, will have greater 
understanding of career options available to them upon 
graduation and a more positive perception of their per
sonal career readiness. 

By incorporating CMG in the form of instructor narra
tives into workbooks, slides, and student feedback, educa
tors can create a direct link between the course content, 
marketing careers, and job readiness. Mentoring comments 
serve as relevance cues that highlight the applicability and 
usefulness of course material in real-world marketing, en
hancing students’ perceptions of the material’s value to 
their personal goals. Furthermore, the instructor narratives 
and personal tone of CMG help reduce perceived transac
tional distance, increasing student engagement and satis
faction (Zepke et al., 2014). 
The combination of increased relevance perceptions 

through utility value intervention and reduced transac
tional distance is expected to have a synergistic effect on 
student outcomes, including engagement, satisfaction, per
formance, perception of instructor support, and feelings of 
career readiness. When students perceive course content as 
highly relevant to their aspirations and feel a stronger con
nection with their instructor, they may experience higher 
motivation, improved academic performance, and greater 
career confidence (Eccles & Harold, 1991; Eccles & Wig
field, 1995). As such, it is reasonable to predict that the in
tegration of CMG in the form of AI-aided, instructor nar
ratives into online learning materials will positively impact 
student outcomes. Specifically, students exposed to these 
interventions are expected to report higher levels of sat
isfaction with their learning experience, increased engage
ment, and stronger career readiness. Additionally, they are 
anticipated to demonstrate better academic performance 
and feel more supported, encouraged, and job-ready com
pared to those who do not receive CMG intervention. 

Study 1   

Methodology  

Design and Data Collection     

The exploratory investigation of the CMG intervention 
was conducted through an exploratory field experiment 
with students enrolled in two seven-week, asynchronous 
online marketing courses taught by the same instructor: 
Consumer Insights (N = 33, 54% female) and Strategic Mar
keting (N = 23, 74% female) at a midwestern university. All 
participants were undergraduate marketing majors. There 
was no student overlap between the two courses. The 
courses represented different academic levels; Consumer 
Insights is typically taken by juniors, whereas Strategic 
Marketing is a capstone course taken primarily by seniors. 
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While student GPA data was not available for analysis due 
to privacy restrictions, baseline comparisons (see Study 2, 
Table 3) indicated no significant pre-existing differences in 
student attitudes or perceived support between the groups. 
While the use of different course levels (Junior vs. Senior) 
introduces a nonequivalent group limitation (Campbell & 
Stanley, 1963), this design was chosen to strictly control for 
instructor variance–a primary confounder in educational 
research (Nye et al., 2004). By utilizing the same instructor 
during the same academic term, we ensured that teaching 
style, availability, and external environmental factors re
mained constant across both conditions. 
The primary goal of this study was to explore the effect 

of exposure to CMG on students’ satisfaction and engage
ment with their learning experience when measured early 
in the term, immediately following a brief refresher mod
ule. Given that engagement and instructor presence are 
critical for mitigating transactional distance in online ed
ucation (Moore, 1997; Zepke et al., 2014), this cross-sec
tional analysis examined whether CMG-enhanced materials 
at the beginning of the course would lead to higher levels 
of engagement and satisfaction, including satisfaction with 
the instructor. 
The courses were managed and delivered through Can

vas, and the field experiment took place during the first 
full week of class. Students in both courses were required 
to complete an identical “Marketing Refresher” module, 
which ensured that they had a common baseline of market
ing knowledge before progressing into course-specific top
ics. The refresher module consisted of three main tasks: 
Training workbook & test – A workbook followed by a 
25-question multiple-choice test (worth 40 points, 4% of 
the final grade), client project (worth 100 points, 10% of the 
final grade), and a self-reported student survey assessing 
engagement and learning experience (worth 10 points, 1% 
of the final grade). 
The experimental group (Strategic Marketing students) 

was exposed to the same refresher module training work
book as the control group (Consumer Insights students), 
with one key difference: each section of the experimental 
group’s training workbook began with an instructor-led, AI-
aided CMG introduction. 
These personalized introductions included: A photo of 

the instructor, instructor’s hand signature, a short narrative 
explaining what students were about to learn, a justifi
cation for why the material matters for marketers, and a 
brief AI-aided explanation (generated via ChatGPT) of how 
the content relates to various entry-level marketing career 
paths. For example, the section dedicated to Target Market
ing Refresher was introduced as follows: 

"How’s it going? Do you feel like you’re getting the hang of 
marketing and how situation analysis helps us understand 
customer needs? If not, don’t worry! You can always go 
back or ask me! Now that you know marketers—aka magi
cians—discover needs through situation analysis, let’s ex
plore target marketing. Imagine walking into Starbucks. 
Each person in line orders something different—a black 
coffee, a pumpkin spice latte, an oat milk caramel macchi
ato. It’s as if Starbucks knows exactly what each customer 
wants, right? 

That’s target marketing  in action! Instead of trying to 
target everyone (and appeal to no one), businesses iden
tify specific customer groups and tailor their offerings ac
cordingly. This saves time, increases efficiency, and cre
ates loyal customers who feel like a brand “gets them.” 
What does this mean for you and your career?         Target 
marketing isn’t just theory—it’s a career-essential skill! 
Whether you’re in branding, digital marketing, or product 
development, knowing how to define and engage the right 
audience will help you build brands people love, create 
content that drives engagement, and develop products 
that improve lives. And here’s a secret—these skills also 
help in job interviews! After all, knowing how to tailor 
your message to engage your audience (aka, the inter
viewer) can set you apart and, possibly, be even more 
memorable! 
Enjoy diving into my favorite part of marketing—where 
strategy meets emotional intelligence! 

This intervention was designed to increase students’ 
perception of instructor presence and course relevance, 
which aligns with prior research emphasizing the impor
tance of personalized instructor feedback and AI-driven ca
reer mentoring (Fink et al., 2024; Guha et al., 2024). In the 
example shown above, the opening two paragraphs were in
structor-led whereas the last paragraph was primarily AI-
aided. The control group, in contrast, did not receive these 
personalized introductions during the refresher module 
and engaged with the standard training workbook alone. 

Measures  

To assess the immediate impact of CMG while mini
mizing respondent burden during the active course week, 
we utilized validated single-item measures (Wanous et al., 
1997). Students rated their perceived stress using the Single 
Item Stress Question (Elo et al., 2003) and their engage
ment and satisfaction using global single-item indicators 
on a five-point Likert scale (1 = Not at all, 5 = A great deal). 
Single-item measures were chosen to ensure high response 
rates in a field setting where lengthy surveys could disrupt 
learning. In addition, student performance was tracked us
ing “refresher” test scores and project grades to determine 
whether CMG had any immediate effect on measurable aca
demic outcomes. 

Analysis and Results    

To evaluate the impact of early exposure to CMG, inde
pendent samples t-tests were conducted to compare stu
dents in the experimental and control groups across the 
measured variables. In support of H1 (i.e., Integration of 
CMG narratives into online learning materials increases stu
dent engagement) and H2 (i.e., Integration of CMG narratives 
into online learning materials increases student perception of 
instructor presence), students in the CMG-enhanced group 
reported significantly higher levels of engagement and sat
isfaction with the instructor, training workbook, and overall 
early-learning experience compared to the control group 
(Table 1). CMG students reported lower stress levels, sug
gesting that instructor-led mentoring narratives might help 
ease students’ worries (Table 1). Additionally, CMG stu
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Table 1. T-tests results   

Experimental 
(n = 23) 

Control 
(n = 33) 

t p-
value 

Cohen’s 
d 

How stressed do you feel these days? 3.65 (.98) 4.15 (.80) -2.1 0.041 -0.57 

How happy are you with your "Experience 2: 
Training - Refreshing basic marketing concepts"? 

4.22 (.80) 3.27 (1.18) 3.34 0.002 0.91 

How happy are you with your instructor's 
performance during "Experience 2: Training - 
Refreshing basic marketing concepts"? 

4.65 (.57) 4.16 (1.03) 2.1 0.040 0.57 

How much did you like our training workbook for 
"Experience 2: Training - Refreshing basic marketing 
concepts"? 

4.13 (.76) 3.58 (1.00) 2.25 0.029 0.61 

How engaged did you feel throughout "Experience 
2: Training - Refreshing basic marketing concepts"? 

4.35 (.71) 3.79 (1.17) 2.05 0.045 0.56 

If you were rating "Experience 2: Training - 
Refreshing basic marketing concepts" on Yelp, how 
many stars would you give it? 

4.39 (.58) 3.79 (1.08) 2.24 0.018 0.66 

Table 2. T-tests results (Performance)    

Experimental 
(n = 23) 

Control 
(n = 33) 

t p-value Cohen’s d 

Refresher Test Grade 36.87 (4.40) 32.82 (4.21) 3.48 0.001 0.95 

Refresher Project Grade 90.83 (5.83) 85.55 (7.02) 2.96 0.005 0.81 

dents scored higher on both their refresher test and project 
assignments than the control group (Table 2); thus, sup
porting H3 (i.e., Students exposed to CMG will demonstrate 
better academic performance). Given the small sample sizes, 
we calculated Cohen’s d effect sizes for all reported mea
sures. The effects ranged from 0.56 to 0.95, indicating 
medium-to-large effects, which provides evidence for the 
robustness of the findings. 
The results of this study reinforce prior research (Fink et 

al., 2024; McCallister et al., 2024) that suggests AI-driven 
career interventions should be complemented by instruc
tor-led guidance to maximize engagement and perceived 
relevance. Consistent with expectancy-value model (Eccles 
& Wigfield, 2002; Wigfield & Eccles, 1992), the study sug
gests that instructor presence and personalized narra
tives—augmented by AI-aided insights—can enhance stu
dent engagement and satisfaction in online learning 
settings. These findings indicate that CMG successfully in
creases engagement as well as satisfaction. These results 
support theoretical claims that blended AI-human peda
gogical strategies help mitigate transactional distance and 
enhance student learning experiences (Eccles & Wigfield, 
2002; Moore, 1997). However, this study does not assess ca
reer readiness outcomes, which will be the focus of Study 2, 
where we examine the impact of CMG applied over time on 
students’ career confidence and job preparation behaviors. 

Study 2   

Methodology  

Design and Data Collection     

This study followed the same cohort of students de
scribed in Study 1 over the duration of the seven-week 
course to assess the impact of the CMG intervention when 
it was employed over an extended period of time. While 
Study 1 focused on a single ‘snapshot’ during the first week 
(the Marketing Refresher module), Study 2 analyzed longi
tudinal data collected via entry (Pre) and exit (Post) assess
ments. The instructor used a longer pre- and post-survey 
focused more broadly on a variety of personal and career 
development outcomes for the students (different than the 
shorter survey which focused on specific issues in the re
fresher). 
The sample consisted of the same undergraduate mar

keting majors from the Consumer Insights (Control) and 
Strategic Marketing (Experimental) courses. Sample sizes 
varied slightly between time points due to voluntary survey 
completion rates: 

The reduction in sample size (attrition) from pre- to 
post-intervention was due solely to students opting not to 
complete the final voluntary exit survey, rather than course 
withdrawal. 

• Pre-Intervention (Week 1): Experimental (N=24), 
Control (N=40). 

• Post-Intervention (Week 7): Experimental (N=20), 
Control (N=32). 
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The intervention procedure mirrored Study 1 but was ex
tended across the entire term. Students in the experimen
tal condition received weekly CMG-enhanced introductions 
in their course modules (covering topics such as Brand
ing and Marketing Strategy) throughout the seven-week se
mester. The control group continued to receive standard, 
course materials, not enhanced by CMG, for the same dura
tion (covering topics such as Secondary Data Research, Ob
servations, and Experience Interviews). 

Measures  

First, the instrument contained measures of perceived 
support adopted from Gallup’s Big Six Experiences. Accord
ing to Gallup studies (Crabtree, 2019; Seymour & Lopez, 
2015), these six experiences are strongly related to whether 
students felt their colleges prepared them well for life and 
that they might have bettered their chances of receiving 
their degrees on time. Three of these experiences are expe
riential (e.g., “I worked on a project that took a semester or 
more to complete”) and not directly related to the current 
study. The other three are focused on support network: “I 
had at least one professor/teacher at [name of the univer
sity] who made me excited about learning,” “My professors/
teachers at [name of the university] care about me as a per
son,” and “I have a mentor who encourages me to pursue 
my goals and dreams.” Thus, we used these to measure stu
dents’ perception of support as a surrogate for caring. 
Furthermore, four additional measures of perceived sup

port were adapted from the Gallup-Purdue Index (2014) 
support constructs to assess students’ broader support net
works outside the immediate classroom context. Namely, 
the following measures were included: “I have people who 
care about me on personal level and are always there for 
me when I need them,” “I have people who keep me excited 
about learning and personal growth and I can reach them 
anytime I want,” “I have people who encourage me to pur
sue my dreams and goals,” and “I have people who can 
help me with my career choices and provide career advice.” 
All items were measured on a five-point Likert scale 
(5-Strongly agree/1-Strongly disagree). 
Finally, the post-survey also included measures specific 

to the course experience that allowed the instructor to ob
tain feedback on whether or not the established learning 
and experience objectives were met. These measures were 
developed for this particular course (e.g., “Prepared me for 
Consumer Insights Analyst”) and were study-specific mea
sures. Expressly, students were asked to indicate how much 
they agreed with a series of statements about their course 
experience such as: “[name of the instructor] was impor
tant part of my personal development in this course,” “The 
course prepared me well for a position of a Consumer In
sights Analyst/Marketing Associate,” “The course helped 
me gain a mentor or mentors,” “The course provided me 
with career coaching,” and “The instructor was more like 
my mentor who cared about me and wanted me to learn.” 
Again, all items were measured on a five-point Likert scale 
(5-Strongly agree/1-Strongly disagree). 

Independent Sample T-Tests    

Student responses to the “pre-survey” were analyzed us
ing a series of t-tests, establishing a baseline of students’ 
perception of support before they were exposed to the in
tervention. As shown in the first two columns of Table 3 
and 4 differences between the control and experimental 
groups were not significant, with one exception. Students 
in the experimental group were more likely to agree that 
they had a mentor who encouraged them to pursue their 
goals and dreams (M = 4.04, SD = .91) than students in 
control group (M = 3.18, SD = 1.38, t = 2.75, p < .01). No 
other significant effects were detected, suggesting no ma
jor differences between the groups existed prior to the in
tervention. While the experimental group reported higher 
baseline mentorship levels from outside sources, the sig
nificant post-intervention differences in instructor-specific 
care (Table 3) and course-specific mentorship outcomes 
(Table 5) indicate that the CMG intervention provided 
unique value independent of students’ pre-existing net
works. 
Indeed, post-survey analysis revealed that while groups 

were largely similar at baseline, significant gaps emerged 
after the intervention. Specifically, differences in students’ 
perception became statistically significant in five of seven 
items (Tables 3 and 4). Students in the experimental con
dition reported significantly higher levels of perceived in
structor care and support than the control group, providing 
strong support for H4 (i.e., Students exposed to CMG will feel 
more supported and encouraged by their faculty member). 
Finally, we tested the effect of the intervention on stu

dents’ perceived career and personal development. As sum
marized in Table 5, students in the experimental condition 
believed that the instructor was an important part of their 
personal development and was more of a mentor who cared 
about them and wanted them to learn than students in con
trol condition; providing evidence of bridging the transac
tional distance through increased student engagement. In 
addition, students believed the course helped them gain a 
mentor, provided them with career coaching, and prepared 
them for marketing jobs related to the course materials. 
These results suggest that CMG in the form of instructor-
driven narratives focused on helping students to under
stand how what they are learning is related to marketing 
careers not only improves students’ engagement, course 
satisfaction, and performance but also perceived support 
and job readiness. To address the concern regarding small 
sample sizes and robustness, we calculated Cohen’s d effect 
sizes for the significant findings. The results demonstrated 
that the intervention had a practical, substantive impact 
beyond mere statistical significance. The effect sizes ranged 
from small-to-medium (d = 0.58) to large (d = 0.95). Given 
that educational interventions often yield effect sizes be
tween 0.20 and 0.40 (Kraft, 2020), these findings suggest 
the CMG intervention produced robust and practically 
meaningful outcomes for students, supporting the validity 
of the study despite the sample size constraints. 
The results of Study 2 reinforce and extend the findings 

from Study 1, indicating that CMG can be effective peda

Embedding an AI-aided Faculty Mentoring Guidance to Enhance Online Marketing Education

Journal for Advancement of Marketing Education 73



Table 3. Big Three College Experiences     

Before intervention After intervention 

Experimental 
(N = 24) 

Control 
(n = 40) 

Cohen’s 
d 

Experimental 
(N = 20) 

Control 
(n = 32) 

Cohen’s 
d 

I had at least one 
professor/
teacher at [name 
of the university] 
who made me 
excited about 
learning. 

4.58 (.72) 4.60 (.71) -0.023 4.95 (.22) 4.75 (.51) 0.47 

My professors/
teachers at 
[name of the 
university] care 
about me as a 
person. 

4.04 (.69) 3.98 (.83) 0.085 4.80 (.41)* 4.41 (.67)* 0.68 

I have a mentor 
who encourages 
me to pursue my 
goals and 
dreams. 

4.04 (.91)* 3.18 (1.38)* 0.71 4.70 (.57)* 4.03 (.93)* 0.82 

* p < .05. Means are based on a 5-point Likert scale (1 = Strongly Disagree, 5 = Strongly Agree). Independent samples t-tests were used to compare groups at each time point. 

Table 4. Perceived Support   

Before intervention After intervention 

Experimental 
(N = 24) 

Control 
(n = 40) 

Cohen’s 
d 

Experimental 
(N = 20) 

Control 
(n = 32) 

Cohen’s 
d 

I have people 
who care about 
me on personal 
level and are 
always there for 
me when I need 
them. 

4.79 (.42) 4.65 (.86) 0.19 4.95 (.22)* 4.63 (.55)* 0.71 

I have people 
who keep me 
excited about 
learning and 
personal growth 
and I can reach 
them anytime I 
want. 

4.54 (.51) 4.13 (1.09) 0.45 4.85 (.37)* 4.41 (.62)* 0.83 

I have people 
who encourage 
me to pursue my 
dreams and 
goals. 

4.71 (.46) 4.45 (.93) 0.33 4.85 (.37) 4.69 (.54) 0.34 

I have people 
who can help me 
with my career 
choices and 
provide career 
advice. 

4.54 (.59) 4.28 (.93) 0.32 4.80 (.41)* 4.22 (.91)* 0.77 

* p < .05. Means are based on a 5-point Likert scale (1 = Strongly Disagree, 5 = Strongly Agree). Independent samples t-tests were used to compare groups at each time point. 

gogical tool for enhancing perceptions of mentorship, ca
reer confidence, and job readiness in online classes. The 
study provides further support for AI-aided but instructor-
driven career interventions, showing that personalized, in
structor-led narratives improve engagement, perception of 
career preparedness, understanding of career options, and 

student-instructor relationships over time. These findings 
support H5 (i.e., Students, when exposed to CMG, will have 
greater understanding of career options available to them 
upon graduation and a more positive perception of their per
sonal career readiness), align with prior research on AI-dri
ven career coaching (Fink et al., 2024; Guha et al., 2024), 
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Table 5. Direct course outcomes    

Experimental 
(n = 20) 

Control 
(n = 32) 

t p-
value 

Cohen’s 
d 

[name of the instructor] was important part of my 
personal development in this course. 

4.95 (.22) 4.59 (.76) 2.05 0.046 0.58 

The course prepared me well for a position of a 
Consumer Insights Analyst/Marketing Associate. 

4.75 (.55) 4.10 (1.00) 2.70 0.010 0.77 

The course helped me gain a mentor or mentors. 4.40 (.75) 3.47 (1.40) 2.75 0.008 0.78 

The course provided me with career coaching. 4.35 (.75) 3.66 (1.18) 2.35 0.023 0.67 

The instructor was more like my mentor who cared 
about me and wanted me to learn. 

4.80 (.41) 4.44 (.72) 2.06 0.045 0.59 

and suggest that blended AI-human mentorship models are 
essential in online education. While AI can provide scalable 
career guidance, the human component remains critical for 
fostering mentorship, engagement, and deeper learning ex
periences. By integrating CMG-driven engagement strate
gies, marketing educators can create a more personalized, 
supportive, and career-relevant learning experience, equip
ping students with both the knowledge and the confidence 
to transition into the workforce. 

Results and Conclusion    

This work indicates that a simple instructor-driven, AI-
aided intervention for improving student engagement, 
learning, satisfaction, career preparedness, and perception 
of being supported and connected to faculty, even in online 
marketing courses, has promise. Student engagement re
mains a critical challenge in higher education, despite its 
well-documented links to student retention (Kuh et al., 
2008), satisfaction (Crabtree, 2019; Seymour & Lopez, 
2015), and academic performance (Pascarella et al., 2010; 
Thomas, 2012). Many students express the need for en
gaging pedagogy that is content-driven, blended, and de
signed to clarify the real-world applicability of their learn
ing (Horstmanshof & Zimitat, 2007). In marketing 
education, where career relevance is paramount, fostering 
engagement requires connecting coursework to profes
sional pathways (Parsons & Taylor, 2011). Effective en
gagement strategies must balance behavioral, emotional, 
and cognitive commitment (Chapman, 2003; Finn, 1989; 
Fisher et al., 2021; Fredricks et al., 2004; Ryan et al., 1994; 
Wang et al., 2011), while also providing autonomy and con
trol over learning (Hagel et al., 2011). However, engage
ment alone is insufficient—students also need guidance in 
setting and achieving personal and career goals (Steele, 
2015; Yorke, 2006). While educators can help students 
identify and establish career pathways, traditional online 
learning environments often lack the mentorship and per
sonalized support needed to facilitate this process (Hock
ings et al., 2008). 
To address this challenge, this paper explored the impact 

of CMG, an approach that integrates personalized, instruc
tor-driven, AI-aided narratives into course materials to cre
ate a stronger connection between academic content and 
career readiness. CMG is designed to enhance engagement, 
foster instructor presence, and support career goal-setting 

through a structured, AI-aided intervention. CMG helps to 
overcomes deficits in the online delivery mode relative to 
utility value intervention theory and transactional distance 
theory, by tailoring career insights within learning mate
rials, reinforcing students’ perceived relevance of course
work, and strengthening their sense of mentorship and 
support. 
The findings across two studies indicate that students 

exposed to CMG-enhanced content report higher engage
ment, greater satisfaction with their instructor, enhanced 
perceptions of support, and increased career confidence. In 
addition, students exposed to CMG also showed better aca
demic performance in subject matter content. Moreover, 
these effects persist throughout the course, indicating that 
CMG represents a scalable, low-cost, durable strategy for 
improving online education outcomes. As AI-powered tools 
continue to expand, marketing educators have a unique op
portunity to integrate CMG into their curricula, ensuring 
that students receive the valuable, personalized, career-rel
evant mentorship described here. Of equal importance to 
the viability of this invention, instructors’ cost of supply
ing detailed, quality career guidance is kept at a manage
able level that would not be possible except for the inclu
sion of AI. 

Contribution and Practical Implications     

This research makes several key contributions to mar
keting education and pedagogical research. First, our study 
highlights the synergistic benefits of AI-aided but instruc
tor-led career guidance, reinforcing findings from Fink et 
al. (2024) that AI tools alone are insufficient for fostering 
deep mentorship. Second, CMG provides a practical solu
tion for reducing perceived instructor distance in asynchro
nous learning environments, supporting previous literature 
on student engagement in online education (Moore, 1997; 
Zepke et al., 2014). Furthermore, by linking course con
tent to job applications, CMG enhances students’ perceived 
utility of coursework, reinforcing expectancy-value models 
of motivation (Eccles & Wigfield, 2002; Hulleman et al., 
2010). Finally, the AI-aided nature of CMG makes it feasi
ble for instructors to implement personalized career guid
ance at scale, providing a low-cost, high-impact interven
tion for online education. Indeed, as noted by Fink et al. 
(2024), while university career centers play an essential role 
in helping students navigate the job market, they often pro
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vide broad guidance that may not fully align with an in
dividual student’s unique career exploration needs. These 
centers act as critical intermediaries between students and 
potential employers but may lack the capacity to offer tai
lored assistance for identifying specific job opportunities 
and aligning them with a student’s interests and skills. 
CMG addresses this gap by embedding personalized, AI-
aided career narratives directly into coursework, ensuring 
students receive individualized career insights that comple
ment traditional career center resources. 

Limitations and Future Research     

While the results are promising, several limitations in
herent to the quasi-experimental design should be consid
ered. First, the use of intact classes resulted in non-random 
group assignment. While we selected this design to con
trol for instructor variance, it introduces the possibility of 
selection bias. Second, although baseline surveys suggest 
the groups were psychometrically comparable, we could not 
fully control for external factors influencing student out
comes, such as variations in students’ outside workloads, 
personal career activities, or external mentorship networks. 
Third, due to the cross-sectional nature of the data and the 
lack of random assignment, causality cannot be definitively 
established. While the results indicate strong associations 
between the CMG intervention and improved student out
comes, future research utilizing randomized control trials 
would be necessary to confirm causal links. 
Furthermore, future research should examine CMG 

across more balanced samples and in other disciplines to 

improve generalizability. Second, each course had unique 
job preparation objectives, potentially influencing stu
dents’ career readiness perceptions differently. Future 
studies should explore CMG’s effects across multiple mar
keting courses to better understand its domain specificity. 
Additionally, while our study tracked short-term engage
ment and career confidence, future research should exam
ine long-term impacts, such as job attainment, retention, 
and professional development outcomes. Finally, investi
gating student individual differences (e.g., prior career 
knowledge, learning preferences) and course characteristics 
(e.g., synchronous vs. asynchronous formats) or ensuring a 
random sampling of students could help identify contexts 
where CMG is most effective. 
In an era marked by rapid technological disruption, stu

dents increasingly face uncertainty regarding the relevance 
of their education to an AI-influenced job market (Dwivedi 
et al., 2023). In this context, AI-aided CMG exemplifies a 
capability-building approach that addresses the dual chal
lenges of engagement and career readiness. This study 
demonstrates that by fostering human connections through 
personal narratives–scaled via AI productivity tools–edu
cators can bridge transactional distance and enhance per
ceived utility. As the findings indicate, even simple steps 
toward caring mentorship can significantly elevate the on
line learning experience, improving academic performance 
and instilling the confidence students need to transition 
from the classroom to careers that deliver satisfaction. 
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